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* Na-Rae Han, Joel Tetreault, Soo-Hwa Lee, Jin-Young Ha (2010) <Using an Error-Annotated
Learner Corpus to Develop an ESL/EFL Error Correction System> Proceedings of the
International Conference on Language Resources and Evaluation, pp.763-770

Dr. Speaking




PININFARINA, ETHOS (1992) PROTOTYPE CAR






fJél-Ol.Ol — ZF_XH

AN L— L

AUTOMATON









Turing Machine, 1936
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A fanciful mechanical Turing machine's TAPE and HEAD. The TABLE instructions might be on another
read only" tape, or perhaps on punch-cards. Usually a "finite state machine" is the model for the TABLE
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ENIAC, 1943
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John Von Neumann
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Control Unit

Unit
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Dileep George, CTO of Vicarious




Jeff Hawkins, CEO of Numenta




Demis Hassabis, founder & CEO of DeepMind




DeepMind,
Deep-Q-
Learning



John O’Keefe, UCL cognitive neuroscience professor,
2014 Nobel prize laureate




OPINION

Deconstructing episodic memory with construction

Demis Hassabis=, Eleanor A. Maguire &4
Wellcome Trust Centre for Neuroimaging, Institute of Neurology, University College London, 12 Queen Square, London, WC1N 3BG, UK
DOI: http://dx.doi. orgf10 1016/j.tics.2007.05.001

Altmetric ﬁk PlumX Metrics (?)

Summary Full Text Images/Data References Related Articles Comments

It has recently been observed that the brain network supporting recall of episodic memories shares much in common with
other cognitive functions such as episodic future thinking, navigation and theory of mind. It has been speculated that ‘self-
projection’ is the key common process. However, in this Opinion article, we note that other functions (e.g. imagining fictitious
experiences) not explicitly connected to either the self or a subjective sense of time, activate a similar brain network. Hence,
we argue that the process of ‘scene construction’ is better able to account for the commonalities in the brain areas engaged
by an extended range of disparate functions. In light of this, we re-evaluate our understanding of episodic memory, the
processes underpinning it and other related cognitive functions.
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fMRI study :
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Brain Activation Associated with Word Fluency Tasks:
A Functional Magnetic Resonance Image Study

Soo-Hwa Lee, M.S., Kyoung-Min Lee, M.D., Ph.D.*

Department of Neurology, College of Medicine and Interdisciplinary Program in Cognitive Science®,
Seoul National University

Table 2. Activated cortical areas. coordinates. number of voxels and activation strength i two word fluency tasks

Talawach coordinates

cortical area BA X mm ¥ mimn 2z mm

cluster

ward fluency - base line

SMA

Left inferior frontal gyrus
middle frontal gyrus
precentral gyrus
visual cortex
inferior temporal cortex

Right precentral gyrus
wvisual cortex

hase line - ward fluency
9 LefiRight  precuneus
10 middle frontal gyrus
11 Right anterior cingulate gyrus
12 Left superior temporal gyms
phonalagical word fluency - semantic word fluency
13 Left superior parietal lobule
supramarginal gyrus
14 corpuss callosum
15 posteroinferior temporal gyrus
16 superior frontal gyrus
17 inferior frontal gyrus
18 Right superior parietal lobule
19 calearine sulcus
20 posteroinferior temporal gyrus

semantic ward fluency - phonalogical word fluency
21 Left inferior parietal lobule
b5 cingulate gyrus
23 superior frontal gyrus
24 Right cingulate gyrus

* The clusters were unseparable among adjacent contiguons areas
SMA : Supplementary motor area
BA - Brodmans area




Good health makes /4
life better. We want to

improve health for
everyone by helping
great-ideas-to-thrive.




Geoffrey Hinton(Toronto U, Gatsby Lab), Yoshua Bensio(Montreal U), Yan Lecunn(New York U)

Deep Learning Triumviri
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https://youtu.be/ZUG9qYTJMsI
https://youtu.be/ZUG9qYTJMsI
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Bayesian Inference

Data
e.g. sensory input
Beliefs J
Prior knowledge
e.g. memory
P(belief | sensory input) = P(sensory input | belief) P(l

Belief

08:45 / 2000

D Wolpert (2011) <The Real reason for brains> TED speech



https://www.ted.com/talks/daniel_wolpert_the_real_reason_for_brains
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Take home message
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